

















He et al.—A model for image categorisation

To evaluate our model for sensitivity to the num-
ber of training samples and features, we experiment-
ed on different number of training samples, num =
{2, 5, 10, 15, 30} and different number of features
N = {5, 10, 50, 500, 1000} respectively. The per-
formances of the image categorisation are shown in
Fig. 4, 5. We see clearly here that our model requires
just a few training samples and it can perform very
well.

CONCLUSIONS

In this paper, we describe a general model for image
categorisation, which combines visual attention and
object recognition in the visual cortex. The main
contributions are:

(1) We propose a novel biologically-motivated
model for robust automatic image categorisation,
which imitates the human and primate visual
system.

(2) Extending Itti’s classic algorithm to extract focus
of attention, we adjust the focus of attention
according to the principles of whole effect and
centre preference which improve the accuracy
of extracting FOA by discarding some isolated
points.

(3) We present an approach to obtain a region of
interest depending on the characteristics of
object spatial proximity and object similarity.

The proposed model has been validated by test-
ing 5211 images with 10 semantically distinct cat-
egories. The experimental results indicate that our
model performs well, with an average accuracy of
image categorisation higher than 92.33% and this
outperforms peer systems which use just the C2
features extracted directly from the image. How to
integrate this model into the image semantic retrieval
and scene understanding will be our main research
objects for the future.
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